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Algorithm 1 Task Offloading Framework

Inputs:

F, {MADQN[b] | b € B}
Outputs:

b, s

: Initialization:

2: F « FogEnvInit(mobility_params)
3: forallbe Bdo

4: MADQN|[b] « MADQNInit(S, A)
5: end for
6
7
8

[N

: fore—1toEdo
for s < 1to Spdo
t current « f (e, s) // process episode and step

9: update_node_positions(F, t_current)

10: process_time_step(F, t_current)

11: process_task_arrivals(F)

12: T _pending < get_pending_tasks(F)

13: for all (bs, client, ) € T_pending do

14: S_e”((bs))« get_state(F, bs)

15: M « valid_actions_mask(S_e*((bs)))
16: a « MADQN|[bs].act(S_e”((bs)), M)
17: execute_action(F, a, 7)

18: r < R(t, a) // reward from latency
19: end for

20: end for

21: end for

&> > oy (bs, client, T) € Tpending aégee aidsg ;o sly g oo
WS e cly o get_state(F, bs) Sy b 1, bs abgy e agly oSyl s
Cod o (VF 5 WY bghs)
Gy pime Slldl a5 sgb e s valid_actions_mask (se(bs))
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